o750 00000020040 1200

goooooooooooo

Jodoubobboooobobogoooobobuooooooon

Discovery of Swarm Intelligence with Simulated Annealing Programming

gooond
Yoshihisa FUJITA

Abstract: In this paper, I propose Simulated Annealing Programming(SAP) which is the new

algorithm of discovering Swarm Intelligence.

SAP is algorithm in solving a program discovery

problem, extending Simulated Annealing(SA) can solve tree structure problems. So, I experimented
the comparison of SAP and Genetic Programming(GP). Consequently, SAP was found that it

prevents bloat which is the demerit of GP.
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