gest Dooddnoo20030 1200

goobooboooodoo

Oo0booobobooobobooobboobD GADOGd

The examination of probabilistic model-building GA using bayesian network

ogd od
Yasuaki NAKAMURA

Abstract: Recently, a number of evolutionaly algorithms that guide the exploration of the search
space by building probabilistic models of promising solutions have been proposed. These algorithms
have shown good performance. In this paper we examine the efficiency of probabilistic model-
building genetic algorithms using bayesian network as a probabilistic model.
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