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The solution search method by periodical crossover of SPGA and DGA

oo od
Toshiki KATSUZAKI

Abstract: One of the features of GA is that loss of diversity of the population invites convergences
to local optima. This problem can avoid by using Distributed GA, but its effect is not enough. So,
I propose new method that SPGA with periodical initialzation supplies a new individual to DGA.
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