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Abstract:

This paper introduces the mechanism of canonical genetic algorithms (GAs) and parallel distributed
GAs (DGA). GAs are a family of computational models inspired by evolution. In GAs, potential
solutions are encoded to chromosome-like data structure, called individual, and apply genetic op-
erators to preserve them. DGA is a parallel implementation of GAs with multiple subpopulation.
It provides better solutions than canonical GAs with single population. This paper also illustrates
benchmark functions, because GAs are often applied to function optimization problem.
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