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Application of Reinforcement Learning to Intelligent Network Systems

- Construction of Intelligent Lighting Systems by Q-Learning -

ogd od
Koji TOMITA

Abstract: In this paper, we improve the control part of the intelligent networking systems.
Our proposed intelligent networking system is the autonomous and distributed systems, and it is
constructed with the intelligent artifacts that should have three components: sense, judge and act
part. The whole network system has the same purpose and each intelligent artifact try to satisfy the
purpose by itself. we applied reinforcement learning(RL) to our proposed systems. Q-learning is the
typical algorithms of the reinforcement learning. The simulation of lighting systems by Q-learning
is constructed for making clear the effect of the improved system.
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